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Abstract: With the continuous development of military intelligence, equipment path optimization in off-
road environments has become one of the most important research fields in recent years and plays an impor-
tant role in promoting the development of military forces. It also promotes military intelligence and im-
proves agricultural production efficiency. However, due to the complexity and uncertainty of an off-road
environment, an optimization algorithm based on the existing road cannot be directly applied to path opti-
mization. Therefore, based on the research status of equipment path optimization technology in off-road
environments at home and abroad, this study summarizes the two research aspects of environment model-
ing and path optimization methods. First, the off-road path optimization algorithm was divided into single-
equipment path optimization and multi-equipment path optimization. Then, the applicable scope and the
advantages and disadvantages of each method were expounded. Aiming at the dynamics problem in the

field environment, the equipment path optimization algorithm under the dynamics constraint was empha-
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sized. Finally, this study outlines the future development direction of the off-road path optimization algo-

rithm.
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Fig.1 Schematic diagram of viewable method"*
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